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Predictive Modeling & Validation - nemeeR b s B Conclusions
A predictive signature was constructed using LASSO- Tumors having pCR presented higher infiltrations of activated CD4+ cells, CD8+ To conclude, this study revealed that patients achieving pCR had
penalized logistic regression based on immune- and Among the pCR patients, basal-like tumors constituted cells, dendritic cells, effector memory CD8+ T cells and memory B cells, upregulated signatures related to immune activation and downregulated
metabolism-related genes. Model performance was the majority with the percentage of 61.5%. Among suggesting active anti-tumor immune microenvironment. Tumors with residual metabolic signatures, based on which immune-metabolic predictive
evaluated using ROC curves and AUC values, with external patients with non-pCR, the HER2-low tumors disease (RD) harbored a globally lower scores of literature-defined immune signatures for NAC benefit were constructed and validated. In addition,
validation in two independent TNBC cohorts (GSE164458, accounting for the majority, with the percentage of signatures . RD samples had distinct metabolic characteristics of high energy the results showed that tumor immune microenvironment had positive
GSE163882). 64.5%. production featured by active lipid metabolism and animo acid metabolism. response for NAC which may potentize immunotherapy.
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