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Table 1. Patient baseline characteristics by early tumor progression.
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<0.001) and rwOS (median 21.4 vs 73.0 months, P <0.001) when compared to pts
who did not experience early progression.

* 16.5% of early progressors did not receive any subsequent treatment due to rapid
clinical deterioration or patient death, compared to 8.3% of non-early progressors.

(stacking) as model input. Best hyperparameters were selected based on 10-fold cross-
validatio results. Model performances were evaluated on a test set (20% of the overall
population) and on an independent cohort of patients from Istituto Nazionale dei Tumori,
Milan. SHAP values were computed for model explainability and then plotted.
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Figure 4. rwPFS curves showing in the subgroups of patients categorized based on quatrtiles prediction in CV training set (A) and in the early vs. non-early progressors defined based on the fourth quatrtile in test (B).
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Early tumor progression is associated with remarkably lower OS and higher attrition rate after first-line treatment. We developed the first, explainable ML model to predict the individual risk

Figure 1. Study workflow. of early progression in HR+/HER2- aBC patients treated with first-line ET+CDK4/61. If prospectively validated, this model could serve as a tool to identify candidate for treatment escalation.
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