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BACKGROUND

« Al and large language models (LLMs) are
emerging tools for clinical decision support in
oncology.
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CONCLUSIONS

RESULTS

First head-to-head evaluation of

OE achieved significantly higher accuracy than GPT and DS across Q1-9 (p < 0.0001) GPT-40. DS. and OE in BCCS

GPT-40 outperformed DS for multimodal image interpretation (Q10)
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comprehension and accuracy.

IMPLICATIONS

e VValidation in Complex breast cancer scenarios Performance Summary: Breast Cancer Clinical Scenarios ° OE pr()duced the mOSt guideline-

(BCCS) remains limited. Breast cancer clinical concordant and clinically accurate

: 5 - recommendations.

» Objective: To benchmark three LLMs for clinical scenarios (Q1-9) Ref P = 0.0001

accuracy, usability, and readiness in real-world Mean Likert score (* SD) 1 s o . GPT-40 sh q e f

breast oncology practice. = & ' ' -40 showed promise Tor

0 -OE: 3.91+0.48 2 multimodal image integration.
METHODS - GPT: 3.19 + 0.67 s
Al Models -DS:2.93+0.54 3 » DS lagged in context

LLMs hold potential to augment
rather than replace clinical
judgment.

Reviewers

16 Breast medical oncologists from
9 academic centers

OpenEvidence (OE) ChatGPT-40 (GPT) DeepSeek-R1 (DS)

Performance Scores by Clinical Scenario (Q1-Q10)
Q1 Q2 Q3 Q4 Q5
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Repeated measures ANOVA +
Tukey’s post hoc comparisons

OE: No MMI support
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