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Background

Various artificial intelligence (Al) programs have been specifically
designed and trained for breast cancer screening and prediction,
and their use is steadily increasing. However, tools such as
ChatGPT—an Al not originally developed for imaging analysis—
are being increasingly employed for this purpose, particularly by
non-medical personnel. This situation may generate mistrust and
uncertainty among patients when comparing Al-generated
reports with those of medical specialists. Therefore, the proper
use of these tools requires awareness of their intended scope
and limitations. The purpouse of this study is to evaluate the
agreement and consistency of ChatGPT when assising BIRADS
(Breast Imaging Reporting and Data System) and ACR (Breast
Density American College of Radiology) categories in
mammographic studies and to compare them with radiologist
who are experts in breast imaging studies.

Random mammograms performed in August 2025 on
asymptomatic women undergoing preventive screening were
included. All studies were interpreted and reported by expert
breast radiologists. For Al evaluation, images were uploaded
using an iPhone 16 Pro Max into ChatGPT, which generated a
structured mammography report. Concordance was assessed
across two parameters: BI-RADS classification and ACR breast
density Two primary variables were recorded for each case: BI-
RADS suspiciousness category, and ACR breast density class (A—
D). The radiologist performed the standard clinical interpretation;
afterwards, the images and descriptive findings were processed
by ChatGPT-5 using a standardized protocol. Agreement between
evaluators was assessed using: Confusion matrices for BI-RADS
and ACR. Unweighted Cohen’s Kappa for exact agreement. Linear
and quadratic weighted Kappa for ordinal-scaled variables.
Observed and expected agreement proportions were calculated.
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Results

BI-RADS Distribution: Radiologist vs ChatGPT
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BI-RADS categories assigned by the radiologist and the ChatGPT-5
evaluators show similar classification patterns, with the highest
frequency in BI-RADS 2 and the lowest in BI-RADS 5

ACR Breast Density Distribution: Radiologist vs ChatGPT
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ACR between the radiologist and the ChatGPT-5 model across 100

mammography studies. Evaluations show similar patterns, with the
highest frequency in ACR C.
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BI-RADS agreement: In the 100 cases evaluated, exact agreement
between the radiologist and ChatGPT-5 for BI-RADS classification
was 60%. The unweighted Cohen’s Kappa was 0.48, indicating
moderate agreement.

Given the ordinal structure of BI-RADS, weighted measures were
calculated:

eLinear weighted kappa: 0.54

eQuadratic weighted kappa: 0.63

These values represent moderate to substantial agreement.

Most discrepancies occurred between adjacent categories (BI-
RADS 2-3 and 4-5), a clinically expected pattern.

Breast density ACR agreement:

ACR density categories (A-D), exact agreement was 66%. The
unweighted Cohen’s Kappa was 0.51, reflecting moderate
agreement. Weighted analysis yielded:

eLinear weighted kappa: 0.63

e Quadratic weighted kappa: 0.71

indicating substantial agreement between the radiologist and
ChatGPT-5 Most mismatches appeared between neighboring
density levels, particularly ACR B—C and ACR C-D.

Category distribution: Both evaluators demonstrated similar
classification patterns for BI-RADS and ACR density, with the
highest frequency in BI-RADS 2 and ACR C. Bar charts showed
minimal deviation in category distribution across evaluators.

Conclusions

ChatGPT-5 showed moderate to substantial agreement with the
radiologist for both BI-RADS and ACR. Most discrepancies occurred

between adjacent categories, with minimal clinical impact.
Category distribution was highly similar between evaluators.
Findings support the model’s potential role as an assistive tool in
mammography interpretation.




